Better predictions, less capital in inventory

Al forecasting models designed for complex inventory planning using seasonality, trends and product behavior.

What companies struggle with: Al forecast captures demand peaks and reduces stockout risk
* Too much inventory “just in case” Historical Sales Forecast Horizon
e Stockouts during peaks
e Manual planning in Excel ; History . . Al forecast
i captures the

e Promo campaigns that distort forecasts ; demand peak
e Managing thousands of SKUs ' '

e Capital unnecessarily tied up in inventory L ¥ S Current forecast
underestimates

the demand

@ What the system delivers:

o Detects demand patterns automatically

* Improves forecasting during peaks and
promotions

¢ Helps optimize inventory levels

e Reduces stockout and overstock risk
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What's the result?

Lower excess inventory

@ Fewer stockouts - g @ 0o
{iﬁ gefts = - 0o

R e More Accurate Support for seasonality Reduced excess stock Fast validation Hundreds to thousands of
Planning and promotional i and better capital POC in days SKUs

4 Better response to demand changes S : S
campaign impact utilization.

If the app is sleeping,
click “Yes, get this app
back up!” - it wakes up
in about a minute.

40 | Try the live forecasting demo &

I Real outputs from a pilot project

demo-inventory-forecasts.streamlit.app

Results depend on data quality, product characteristics and business context.


https://demo-inventory-forecasts.streamlit.app/

Examples of Situations the Model Handles

Al forecasting identifies patterns in historical data and uses them
to improve future demand planning.

Promotion Without Historical Experience

' ith promotions
Forecast __

From similar products

The product has no historical experience with
History (actuals)
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Total sales uplift
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@ Historical sales @@ Promo sales

rf@j} The product has no historical experience with promotions. The model
A5 estimates their impact based on the behavior of similar products.

Sales without promo Uplift (promo impact)

Products with a Short History
Combining Available History and the Behavior of Similar Products
Prediction

Combining historical data and similar products

History (Actual Values)
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Synthetic Sales
. Estimate

0 1
40 41 42 43 44 45

@ Historicalsales @ Predictions Historical Sales of Simiar Products

25 The product's short history may not contain enough information on its own.
v The model combines available historical data with the behavior of similar products.

The Model Adapts to Reality

Every situation is different.
Al recognizes patterns beyond
traditional forecasting.

Seasonal Demand
s do not necessarily indicate a permanent decline in demand
Prediction

Expected seasonal return

Expected seasonal
rebound
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@ Historical Sales @@ Prediction

{“n’}l Historical data indicates recurring seasonal peaks. The model distinguishes
575 between a decline in demand and seasonal fluctuations.

Periods Without Sales
Long periods without sales can distort expected demand
History

Sales only in 22% of periods

— Predictions —

Histary (163 weeks)

Lower Demand
Estimate

-52%
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@ Historical sales @ Predictions Historical Trend

,?n'}J Historical data contains long periods without sales. The model places greater
545 emphasis on irregular product activity.
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